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The effect of computer use on work intensity is also ambiguous a priori.
Technology might be ‘effort-biased’ in the sense that it complements workers
who are able and willing to increase their effort by making the allocation of
tasks more rapid and efficient and by facilitating monitoring (Green 2006). On
the other hand, technology might allow greater flexibility in the organization
of work, easing the pressure on workers. The net effect of technology on work
intensity may differ depending on the type of tasks performed, as workers
performing cognitive tasks that do not require their physical presence in
a given workplace or direct contact with clients and customers might be
better positioned to take advantage of the increased organizational flexibility
allowed by technology. While there is evidence from both the United States
and Europe of an increase in work intensity in recent decades (Clark 2005;
Green 2006; Kalleberg 2011) and that work intensity 1s higher in jobs that
use computers more frequently (Gallie 2005; Green and Mclntosh 2001), we
are not aware of studies that have attempted to 1solate the causal effect of
computer use on work intensity.



To move beyond the simple bivariate correlation of Figure 5, we estimate a
model in first-differences including controls at the occupation-country level
whose exclusion could bias the estimates of the effect of computer use.'® In
particular, we estimate the following model in stacked-differences:
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where A is the difference operator between ¢ and ¢—1, and the subscripts o
and ¢ refer to (one-digit) occupations and countries, respectively. PC is our
binary computer use indicator and X is a vector of controls which includes
the within-occupation share of education, gender and age groups, the share
of employment of a given occupation-country pair in three broadly defined
industries (non-services, personal services and other services), the share on
temporary contracts and the share of self-employed.'” We include these latter
two controls because these groups might differ both in terms of job quality
and computer use, but they will also help capture business cycles effects to
some extent. Russel and McGinnity (2014) argue that organizational changes
implemented during the recession in Ireland led to a higher work pressure.
Since some of these changes might be correlated with computer adoption,

we want to control for the business cycle to try and purge our estimates
of these confounding effects. To this end, we also include the country-
level unemployment rate and include time dummies (Z? _» T}) that capture
temporary deviations from the linear trends in levels implied by the inclusion
of the constant in this model in first-differences.

The OLS estimates of equation (1) will still be biased if time-variant
determinants of computer use and job quality are omitted. For example, a
strand of literature emphasizes that significant changes in the organization
of work have taken place in recent decades which are often correlated with
technology adoption but have effects on workers’ outcomes over and above
those of technology (Caroli and Reenen 2001; Green 2012, 2004). More
generally, exogenous changes in the conditions (e.g. in wages) of labour
markets can alter the incentives facing firms to adopt technology.

To mitigate these remaining concerns, we instrument A PC,., with the
average of the contemporaneous change in computer use in occupations
involving similar tasks in all other countries included in the sample.”’-*!
Here, we define as similar those occupations that fall within the same group
of the classification proposed by Acemoglu and Autor (2011) based on the
nature of the prevalent task in the occupation and widely used in subsequent
literature.”

FAL KK Menon, S., Salvatori, A., & Zwysen, W. (2020). The effect of computer use
on work discretion and work intensity: evidence from Europe. British Journal of
Industrial Relations, 58(4), 1004-1038.
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